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Table 1. False-Positive Marks per Image and Patient between the Conventional CAD and Al-CAD

RCC RMLO LMLO Total (per patient)
, Mass 0.33 032 0.44 0.37 2.23
Ezgve"t'ona' Microcalcification 0.17 0.20 0.18 0.22
Total 0.50 052 0.62 0.59
AI-CAD 0.03 0.04 0.04 0.03 0.14
P-value <0.001 <0.001 <0.001 <0.001 <0.001
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Fig. 1. A 62-years-old patient with false-positive marks on the conventional CAD. (a) The conventional CAD shows 1 mass (circle)
and 4 microcalcifications (square) on the right breast, and 1 mass (circle) and 2 microcalcifications (square) on the left breast. (b)

The AI-CAD shows no mark.
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Fig. 2. Two graphs show the number and percentage of patients according to the number of false-positive marks.

R 94% / L 59%

a

Fig. 3. A 71-years-old patient with false-positive marks on both CADs. (a) The conventional CAD shows 1 microcalcification
(square) on the right MLO view and two masses (circle) on the left CC view. (b) The AI-CAD shows broad heat maps (total 4
markers) on the right and left breast with 94% and 59% malignancy risks, respectively.
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Comparison of conventional CAD and AI-CAD applied to digital
mammography in respect of false-positive marks

Si Eun Lee,MD, Myeong Hyun Kim,MD, Eun-Kyung Kim,MD, PhD
Department of Radiology, Yongin Severance Hospital, Yonsei University College of Medicine, Yongin, Korea

Purpose: To retrospectively compare false-positive marks of mammography applied by the conventional
computer-assisted detection/diagnosis (CAD) program and artificial intelligence based CAD (Al-
CAD) program through head-to-head setting.

Materials and Methods: Between May 2020 and July 2020, 256 patients who were reported as BI-
RADS 1 and 2 on mammography and ultrasound which was performed 1 month before or after
mammography. We compared false-positive marks per image and patient between the conventional
CAD and AI-CAD.

Results: The number of false-positive marks was markedly decreased in the AI-CAD compared with the
conventional CAD (0.14, 2.23, respectively, P <0.001). The number of patients without any mark
was only 42 (16%) in the conventional CAD while it was 239 (93%) in the AI-CAD.

Conclusion: The AI-CAD showed far fewer false-positive marks than the conventional CAD and it may
reduce the reading time and fatigue level of radiologists.

Index words: Computer-assisted diagnosis; Artificial Intelligence; Digital Mammography
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